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Introduction

+ Scene text is the text that appears in an image captured
by a camera in an outdoor environment. The text in scene
images varies in shape, font, color, and position

« Scene text recognition can be roughly grouped into two
categorizations:

» text recognition with regular shapes and
« text recognition with arbitrary shapes
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Approaches to Scene Text Recognition

Effective methods to approach scene text recognition with
arbitrary shapes can be roughly grouped into three
categories:

« rectification based methods,
- segmentation based methods and
« spatial attention-based methods
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Proposed Method

Category of spatial attention-based method. The proposed
model consists of two major modules:

- a feature extractor module and

« transformer module
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Architecture
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Fig. 2. Overview of the proposed Transformer OCR, which contains two cascade mod-
ules: the feature extractor module and the transformer module.
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Architecture(contd)
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Fig. 3. Spatial attention realized by cross attention mechanism of transformer encoder.
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Experiments and Results

Evaluations are based on 5 datasets:

« 11ITs5K-Words (111T5K)

« Street View Text (SVT)

+ ICDAR 2015 (IC15)

+ SVT-Perspective (SVTP)
CUTES8oO (CUTE)
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Experiments and Results(contd
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Method Failure Cases

« The method fails in some challenging cases such as
difficult fonts, occlusion, or low resolution

« The method also struggles to recognize the long texts

10/12



Method Failure Cases (contd)
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Fig. 5. Some failed cases of our method.
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